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Abstract. This literature review explores the impact of Speech Recognition
Technology (SRT) on nursing documentation within electronic health records
(EHR). A search across PubMed, CINAHL, and Google Scholar identified 156
studies, with seven meeting the inclusion criteria. These studies investigated the
impact of SRT on documentation time, accuracy, and user satisfaction. Findings
suggest SRT, particularly when integrated with artificial intelligence can speed up
documentation by up to 15%. However, challenges remain in its implementation in
real-world clinical settings and existing EHR workflows. Future studies should
focus on developing SRT systems that process conversational nursing assessments
and integrate into current EHRs.
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1. Introduction

Nursing documentation in EHR flowsheets is time-consuming, with intensive care
nurses spending 19%-35% of their shifts documenting [1]. Demanding workflows can
lead to incomplete charting, causing communication issues and potentially poor patient
outcomes [2]. SRT may reduce manual charting time.

2. Methods

A search was conducted using PubMed, CINAHL and Google Scholar using search
terms such as 'nursing documentation', 'speech recognition', and 'charting time'. Studies
were excluded if participants had not used an SRT intervention, SRT was not used for
nursing assessment documentation, or the study was published before 2014 when SRT
was less mature. All study designs were eligible for inclusion.

3. Results

The searches yielded 156 studies: CINAHL = 23, PubMed = 57, Google Scholar = 76.
13 duplicates were removed. Seven studies met inclusion criteria. Study designs and
findings are shown in Table 1 below.
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Table 1. Findings from Included Studies

First SRT type Setting Time Accuracy User
Author, & Errors Satisfaction
year
Fratzke, Nuance Simulation Faster to talk than Not End-users
2014 type specified frustrated
Mairittha, = Google Simulation SRT increased 96% High user
2019 Assistant charting speed by accuracy satisfaction

15% with DSCR
Joseph, Varied Simulation Can reduce Varied, up Mixed results
2020 documentation time to 99%

accuracy
Mayer, Dragon Medical ~ Simulation SRT reduced charting ~ 3-5 errors/  80% preferred
2021 360 time by 6.1 minutes scenario SRT avg score
8/8/10

Everett, Nuance Clinical Reduced charting Not Not Specified
2022 practice time by 9-9.7% specified
Dinari, Not specified Not Not specified Not 3.96/5
2023 specified specified satisfaction
Lee, 2023 VAIMA Simulation No difference 95.57% Preferred SRT

between keyboard accuracy

charting and SRT

Note: DSCR: Dialogue System Care Record [9]; VAIMA: Voice Al Medical Assistant [8]

4. Conclusions

SRT has reached a state of maturity that makes it a promising tool to support nursing
documentation. Challenges persist in applying Al to classify conversational speech for
nursing flow sheet integration. Modest reductions in charting time suggests a need for
more intuitive, workflow-friendly solutions.
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