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Abstract. Pharmacogenetic testing can prevent adverse drug events but has rarely
found its way into clinical routine. One reason is the lack of tools for smooth and
automatable integration of pharmacogenetic knowledge into existing processes.
Especially, electronic medical records (EMR) represent a suitable environment for
such tools. We developed a modular service-oriented prototype of a
pharmacogenetic decision support system within an EMR system of the Bern
University Hospital. Here, we present the component architecture of our system and
discuss issues required for generalizing our results.
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1. Introduction

Pharmacogenetics is the study of genetic effects on the metabolic pathways of drugs.
About 95% of individuals carry one or more known genetic variants that are important
for drug dosing recommendations [1]. Ignoring genetic variation while prescribing a
drug can cause adverse drug reactions (ADR) or insufficient drug effects [2—4].
Approximately 20 genes affecting about 80 agents have been identified as actionable in
the clinic [5], and the Clinical Pharmacogenetics Implementation Consortium (CPIC)
updates continuously related guidelines with dosing instructions for relevant gene-drug
combinations [6]. Nevertheless, the actual implementation of pharmacogenetic testing in
clinical patient treatment is progressing slowly.

Relling and Evans summarized some general barriers for pharmacogenetic testing in
clinical practice: lack of incentives to prevent adverse events; costs and complexity of
computational approaches to identify and prioritize genetic variants that influence
prescribing decision; disagreement among professional or guideline generating groups;
and a lack of awareness of clinicians concerning pharmacogenetic effects. Further, they
concluded that the costs associated with pharmacogenetics are shifting from the
laboratory testing to the costs for generating evidence-based decisions from the genetic
data [5].

Related to existing implementations, Hinderer et al. reviewed 20 pharmacogenetic
decision support systems. Sixteen had prototype status and are often built for one
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institution. Only one of the productive systems (TreatGx) was integrated with the local
EMR [7]. The same lack of EMR-integration is corroborated by the Ubiquitous
Pharmacogenomics project (U-PGx), where only one out of the seven involved European
countries implemented an active clinical decision support for pharmacogenetics [8].
Having not found any suitable and EMR-related solution, we developed a prototype
implementation for assessing gene-drug-combinations in clinical oncology at the
Department of Clinical Chemistry of the Bern University Hospital Switzerland (INSEL).
Our goal was to derive a component-based approach to support the integration of
pharmacogenetic clinical decision support into a broader range of clinical information
systems (CIS).

2. Methods

Initially, we identified the main components required for our prototype: inference engine,
knowledge base, and data dictionary (see also [9]). Next, we iteratively defined the
architecture according to a typical workflow of pharmacogenetic analysis as described
by clinicians at the INSEL. We chose the open source tool PharmCAT as the inference
engine [10]. It generates pharmacogenetic reports in JSON and HTML from genetic data
in the Variant Call Format (VCF) and comes with a set of CPIC guidelines (the clinical
knowledge base) in a proprietary JSON format, which we adapted to our needs. To map
information about described drugs we used the Swiss medication catalog “hospIndex”
[11] which is incorporated in the INSEL EMR system. The link to the EMR user
interface was implemented using the HAPI API, an open-source object-oriented HL7 2.x
parser for Java [12]. The CDSS user interfaces were created with the proprietary
parametrization language of the CIS within the medication module of the INSEL EMR
system. In order to verify our prototype, a synthetic data generator for producing VCF
data was implemented using the proprietary parametrization language of the INSEL
EMR system.

3. Results

The underlying generic system architecture of our solution (Figure 1) considers two
different workflows. The first workflow is triggered by the entry of new patient related
genetic data and generates a report comprising the relevant pharmacogenetic findings
(PGx Report Generator in Figure 1). It uses following components:

e The genetic data repository to store the raw genetic data.

e The knowledgebase with rules to annotate the genetic data.

e The data dictionary to encode the resulting report.

e The genetic annotation engine to generate the pharmacogenetic report.

The pharmacogenetic report repository to store the report.

When a new genetic record is added to the Genetic Data Repository, the record is
pushed to the Genetic Annotation Engine. This engine is supplied with the relevant
pharmacogenetic rules from the knowledgebase and with the code mapping (e.g.
translating phenotype “Poor Metabolizer” into a LOINC code) from the data dictionary
(Knowledge Resources in Figure 1). Finally, the annotated report is added to the shared
PGx report repository.



620 K. Tippenhauer et al. / Integrating Pharmacogenetic Decision Support

Once a PGx patient report is available (PGx Decision Support System in Figure 1),
the second workflow can be triggered by a drug prescription event, which returns the
case specific information from the corresponding CPIC guideline. It comprises the
following components:

e The CIS, which sends the prescription and receives the decision support result.

e The pharmacogenetic report repository to read the patients report.

e The knowledgebase containing the decision support rules to evaluate the report

for the given drugs.

e The data dictionary to encode the results.

e The CDSS-Engine to deduce the correct decision support message.

Upon a new drug prescription, the CIS sends a prescription event with the encoded
prescription data to the CDSS-Engine. The CDSS-Engine looks up the encoded drug in
the Data Dictionary and loads the corresponding guideline rules from the knowledgebase.
If guideline rules are found, the CDSS-Engine tries to find an existing pharmacogenetic
report of the patient. If none exists, a warning is sent to the CIS, since a potential
pharmacogenetic adverse event cannot be excluded, and a genetic examination might be
advisable. If a pharmacogenetic report of the patient exists, the CDSS-Engine applies the
guideline rules on the report and returns applicable dosing instructions to the CIS.
Finally, the CIS displays the received message to the prescribing physician.
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Figure 1. Generic model of a pharmacogenetic decision support system. A Genetic Data Repository acts as
the fact database for the Genetic Annotation Engine and provides access (1.1) to the genetic data of the
patients. The Genetic Annotation Engine creates a report with the relevant pharmacogenomic findings using
the parameters from the shared Knowledge Resources (1.2). The report is stored (1.3) in a PGx Report
Repository, which acts as the fact database for a second inference module (CDSS-Engine). Once the rules
from the Knowledge Resources have been applied to the patients PGx report, the engine uses the drug
prescription from the CIS (2.1) and returns a warning (2.4).

In our implementation, the PGx Report Generator uses a system folder with VCF
files for the Genetic Data Repository. A modified version of PharmCAT acts as the
Genetic Annotation Engine. The modifications enable PharmCAT to:

e Accept HL7v2 observation request messages as a trigger to read data from the

Genetic Data Repository.

e Read the Data Dictionary in form of a configuration file containing the mapping

between the genotypes/phenotypes/substances and their encoding.

e Encode genotypes, phenotypes and substances with codes from the Dictionary.
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e  Turn the pharmacogenetic report into a HL7v2 observation result.

The drug selection event in the CIS oncology drug prescription form triggers the
PGx Decision Support System. The CDSS and the PGx Report Repository have been
implemented directly within the CIS. The reports from the PGx Report Generator are
stored in the database of the CIS acting as the PGx Report Repository for the CDSS-
Engine. We implemented the knowledgebase and the data dictionary as internal CIS
tables.

For generating synthetic data, we developed a Laboratory Data Simulator (Figure 2).
It generates custom VCF data with user defined genetic variants and allows to validate
our solution. The following validation workflow was realized in order to compare the
issued message with the expected one:

e The validator selects variants to be tested within the laboratory data simulator.

The selected variants are added to an existing VCF file template.

e The VCF file is added to the Genetic Data Repository and a HL7v2 observation

request message triggers the PGx Report Generator to generate a report.

e The resulting report is returned as HL7v2 observation result to the

Pharmacogenetic Report Repository of the CIS and the PGx CDSS is triggered.
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Figure 2. Our prototype integrated with the Laboratory Data Simulator (LDS). In the Clinical Information
System (CIS), the user can invoke the LDS and generate a genetic data set for one of the test patients. When
finished, the LDS triggers the PGx Report Generator with a HL7v2 ORM message (1). The PGx Report
Generator reads the genetic data of the patient and creates a PGx report in the HL7 ORU format, which is then
sent to the CIS (2). The user can now either switch to the medication prescription user interface and test the
actual workflow integration or test the PGx Decision Support System output directly in the LDS. The system
supports pre-test and post-test alerts.

4. Discussion

We presented a component-based architecture for genetic decision support during
medication prescription. We could identify six generic components, namely a Genetic
Data Repository, a Genetic Annotation Engine, a PGx Report Repository, a CDSS-
Engine, a Knowledgebase for PGx rules and a Data Dictionary (see Figure 1).

Due to the following reasons, we consider an architecture with two different
workflows (writing genetic reports and providing decision support) as mandatory: First,
discussions with physicians revealed that access to the pharmacogenetic report is
required to assess the content of the CDSS warnings. Second, the processing of large
genetic data records would lead to increased response times without a report in which the
drug related phenotypes are available. This makes our approach suitable for such large
genetic data contexts.

The modularity of the system enables, a hospital to select components from the
system architecture according to its requirements and plugging them together. Our
prototype implementation does not completely match the proposed architecture. While
the PGx Report Generator is indeed loosely coupled with the CIS using the HL7v2
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standard, the PGx CDSS itself depends not only on the CIS in use, but also on its
configuration within the hospital. In addition, we have not implemented shared
knowledge resources. Instead, the PGx report generator and the PGx decision support
system have each their own copy of the knowledge resources, which need to be updated
simultaneously to ensure the correctness of the results. Such a solution is vulnerable to
inconsistencies. To avoid this risk, the knowledge resources should be shared as depicted
in Figure 1.

Using proprietary data formats, as we did to access the knowledge resources reduces
the systems adoptability. However, the goal should be to provide a plug and play
experience for the whole pharmacogenetic decision support system, as proposed, e.g. by
the SMART Health IT movement [13]. Hence, a standardized data exchange model such
as HL7 FHIR with the modules “Terminology” and “Clinical Reasoning” should be used
for interfacing with the knowledge resources.
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