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Abstract. As the big data and internet growing huge day by day, there is in need to
overwhelm people by the information in large. These kind of issues makes
researchers to create a technique that can generate automatic text. This research is
very great interesting topic and the summarization of text is the process which
undergoes finding important information within a document. Automatic text
summarization is the process where a subset is created which represents the
relevant content using the original text trained. So, text summarization is an
intimidating challenge in Natural Language Processing because getting a good
summary is a very big challenge as it is based on various aspects like metrics, non-
redundancy, readability etc., At the outset, the text is trained into the system, next
the trained text is fed into encoder decoder process where additional techniques are
employed between the result in best coherent summary. The aim of automatic text
summarization is to the produce finest and top quality text summary and our model
also produces supreme quality summary.
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1. Introduction

This is an era where huge and huge amount of facts available on internet. It’s a very
main thing to give a well-developed technique to pick out important content very
efficiently and rapidly. Enormous text materials are available on World Wide Web. So
it is very strenuous process to find and search a document, and distilling relevant
information from it. The automatic text summarization is necessary to solve the
problem given before. Summarization is a thing which is highly necessary for the text
summarization. So, it is important to know what is meant by a summary. A summary is
nothing but a paragraph which is constructed by more texts, contains collection of
sentences which conveys to give important needful information. The target of automatic
text summarization is to present the original trained input text into a best version
paragraph. The main and chief merit of using the summary is to reduce the time of
reading
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Extractive and abstractive are types of summarization under text summarization. The
extractive text summarization does a procedure of selection of main content which is
sentences, words etc., from source text file that is concatenated to form a shorter
summary. The abstractive text summarization does a procedure of understanding the
subject and concept which is chief in the document and generates that concept in a clear
form of summary.Informative and inductive are the two different kinds of text
summarization where summarization of inductive does the representation of main text
idea to the user. This type of summarization typically has as a length of 5-10% of text
present in the main document. The summarization of informative system provides great
information and typically has a length of 20-30% of text present in the main document.

2. Literature Survey

In the year of 2019, Md. MotiurRahman et al have proposed a system where the
purpose is, from an input of long text an automatic summarization of text is generated
by using a methodology of Multi-layered Attentional Peephole Convolution LSTM
(Long Short-term Memory) (MAPCoL). The merit of the system is,it can generate a
summary which is more precise [1].An Abstractive text summarization system is
introduced by S Gehrmann et al in the year of 2018 where the system produces a
content that is simple but also the selection of content which is accurate from the
original text by using a methodology of data- efficient content selector and bottom-up
attention. Here, the fluent summary of text is generated by using this approaches which
results in compressing text ability [2]. In the year of 2018, K Al-Sabahi et al generated
summaries with more and more novelty and high level of abstraction by proposing his
system [18-31].

The summary of text is very much novel which is the main advantage here in this
system where the system uses the methodology of end-to-end trainable bidirectional
RNN model. A mechanism is also proposed that is bidirectional beam search
mechanism with an algorithm [3]. AM Rush et al proposed a system which generates
summary that must have each and every word present in input sentence trained in the
year of 2015. The system uses the main methodology of local attention-based model
which improves the quality as well as the inconsistency produced while the summary of
text is generated. The demerit of the system is, while generating text summary there is
no good improvement in the grammatical part [4]. The system of extractive document
summarization is proposed where a neural sequence model for extractive document
summary generation will allow the intuition for text visualization. The system is
proposed by R Nallapati et al in the year of 2016 where a Summa RuNNer is presented
by him that can give a better in performance [5].In the year of 2018, for
conceptualization of extractive summary generation as a task of sentence ranking and
for proposal of an algorithm of novel training, a system is proposed by S Narayan et al
by using a methodology of sentence ranking and novel training algorithm. The
CNN/DailyMail dataset is used here for the experiment where the system’s algorithm is
used for training the neural summarization model on the dataset used in this approach.
The system is not perfect and gets confused in arranging sentences accordingly (i.e.,
ranking of sentences) is the demerit of this system [7].The abstractive text
summarization system is proposed here to enhance semantic representation of text by R
Nallapati in the year of 2016 [8]. The system uses a methodology of Attentional
Encoder-Decoder Recurrent Neural Networks and also several novel models are



V.D. Ambeth Kumar et al. / An Efficacious Text Summarization Process 181

proposed which will provide some of the problems happened in the summarization. He
also proposes a new dataset which will have the summaries of multi-sentence and the
disadvantage of this system is, long text semantic representation is very difficult.

3. System Architecture

The diagrammatic representation of the text summarization process is shown below.
The system is trained with input text which is employed to triple encoding. The result
of the triple encoding and the key information, contextual information from the triple
encoding result is fed into the process decoding. Thus, the decoder outputs the resultant
automatic text summary.
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Figure 1. Text summarization process
4. Data Flow Diagrams
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The system is trained with the input source text where this trained text is fed into the
part of triple encoding and decoding and the target summary result is obtained.
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The trained input text is given into triple encoding to produce first and second encipher
result. The result of first and second encipher is collected into double enciphered result
which is fed into third encipher process. The third encipher is fed into decoding process
to result in target summary.
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Conclusion

Thus, the automatic text summarization process produces finest and top quality text
summary and also produces supreme quality summary. The text is trained into the
system, next the trained text is fed into encoder-decoder process where additional
techniques are employed between, to result in generation of best summary.
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